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Abstract
Background
Studies involving the built environment have typically relied on US Census data to measure residential density. However, census geographic units are often unsuited to health-related research, especially in rural areas where development is clustered and discontinuous.

Objective
We evaluated the accuracy of both standard census methods and alternative GIS-based methods to measure rural density.

Methods
We compared residential density (units/acre) in 335 Vermont school neighborhoods using conventional census geographic units (tract, block group and block) with two GIS buffer measures: a 1-kilometer (km) circle around the school and a 1-km circle intersected with a 100-meter (m) road-network buffer. The accuracy of each method was validated against the actual residential density for each neighborhood based on the Vermont e911 database, which provides an exact geo-location for all residential structures in the state.

Results
Standard census measures underestimate residential density in rural areas. In addition, the degree of error is inconsistent so even the relative rank of neighborhood densities varies across census measures. Census measures explain only 61% to 66% of the variation in actual residential density. In contrast, GIS buffer measures explain approximately 90% of the variation. Combining a 1-km circle with a road-network buffer provides the closest approximation of actual residential density.

Conclusion
Residential density based on census units can mask clusters of development in rural areas and distort associations between residential density and health-related behaviors and outcomes. GIS-defined buffers, including a 1-km circle and a road-network buffer, can be used in conjunction with census data to obtain a more accurate measure of residential density.
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Abbreviations and Definitions
GISGeographic Information System.




Background
The built environment has traditionally been the focus of disciplines such as geography, transportation, and city planning. Recently, the potential impact of the built environment on public health has also gained recognition. Of particular interest is whether aspects of the built environment contribute to dietary intake, physical activity, and other behaviors related to obesity, which has increased dramatically in the US in recent decades [1–3]. For example, active travel, the substitution of walking or cycling for motorized transport, is influenced by residential density [4–12], and those living in areas conducive to active travel are at lower risk of being overweight [13–17].
A primary challenge for investigators evaluating the impact of the built environment on active travel and other health-related behaviors is developing valid geographic measures to characterize rural neighborhoods and communities. Studies involving the built environment typically rely on US Census data to measure residential density. Originally developed to collect population data for political purposes, including the specification of US congressional districts, the boundaries established by census geographic units are often unsuited to health-related research.
In large urban areas, continuous development patterns result in relatively consistent census geography. In this context, simple census methods can produce valid measures of residential density that reasonably characterize the built environment at the neighborhood or community scale [1, 14, 18]. In rural areas, however, development is clustered and discontinuous. Large areas of undeveloped land within rural communities can result in highly irregular units of census geography [19, 20]. Because census units are defined by fixed boundaries (roads, streams, etc) rather than land use, the proportion of undeveloped land within individual census units varies widely. For example, the census block boundary of one neighborhood might be a nearby stream, whereas the boundary of a similar neighborhood might extend across thousands of acres of woodland to a stream on the other side of a mountain. Consequently, the use of standard census measures in rural areas can result in vastly different estimates of residential density for two comparably settled communities. Such distortions may potentially affect inferences regarding the impact of the built environmental on health-related behaviors.
The goals of the present study were to (a) evaluate the accuracy of rural residential density as measured by standard census boundaries and (b) determine whether we could develop a GIS-based method using readily available US Census data to more accurately measure residential density in rural areas. We validated the accuracy of the census and GIS-based measures using a data resource containing the exact geo-location of residential structures in the rural state of Vermont. To the best of our knowledge, this information is available only in Vermont, thus providing a unique opportunity to validate alternative methods of assessing rural density.

Methods
Overview
We measured residential density in school neighborhoods for all 335 public schools in Vermont using two approaches. The first used conventional census geographic units including tract, block group and block. The second combined census data with two GIS-defined buffers: a 1-kilometer (km) circle around the school and a 100-meter (m) road-network buffer intersecting the circle. The accuracy of each approach was validated against the actual residential density for each school neighborhood based on the Vermont state e911 GIS database, which provides an exact geo-location for all residential structures in the state. Consistent with the data available from Vermont 911 GIS data, all residential densities are expressed in housing units per acre (u/ac) rather than population per area.

School locations
GIS data downloaded from the Vermont Center for Geographic Information [21] were used to precisely geo-locate all 335 public schools in Vermont within a GIS framework. Manual checks of a random 10% sample were made using orthophotography to verify locational accuracy. The school locations provided the geographic framework for the series of density measurements that follow.

Measuring residential density using census geography
School neighborhood residential density was calculated using the three smallest standard units of census geography: tract, block group and block. Each school location was matched to a specific census tract, block group and block using the intersect tool in ArcGIS 9.2 (ESRI, Redlands CA). Residential density was calculated for each school neighborhood by dividing the number of housing units by the number of land area acres within each of the three census geographic units (u/ac). US 2000 Census data and related geographic (TIGER) files were downloaded from the ESRI website [22].

Measuring residential density using GIS buffers
We used two GIS buffers to refine residential density calculations. First, a 1-km radius circle buffer (approximately 776 acres) centered at the school site was used delineate the school neighborhood. We used the intersect tool of ArcGIS to select census blocks that were wholly or partially contained within the 1-km circle buffer. When a census block fell entirely within the buffer, 100% of the housing units were counted. When a census block was only partly contained within the buffer, the housing unit counts were pro-rated according to the percentage of the census block area contained within the buffer. Residential density was calculated as the number of housing units divided by the number of acres within the buffer (u/ac).
Secondly, using the buffer tool of ArcGIS, a 100-m road-network buffer was used to factor-out wetlands, forests, farmland and other undeveloped areas. This buffer was based on field and map analyses that showed nearly all residential development is located within a 100-m (325 feet) zone of the road network. The road-network buffer delineated areas within 100 meters of the centerline of named roads; areas adjacent to limited access roads and unnamed roads were excluded. This road-network buffer was then intersected with the 1-km circle buffer around the school using the intersect tool in ArcGIS. Residential density was calculated by dividing the number of housing units by the number of developed acres within the buffer (u/ac).
When a school neighborhood overlapped a state boundary (n = 4), both the 1-km circle buffer and 100-m road-network buffer included only the census data and geographic area contained within Vermont, preserving the ability to validate the measure using Vermont e911 data.

Measuring residential density using e911 structure data
We used Vermont's e911 data to calculate actual residential density (u/ac) based on the exact geo-location of residential structures and developed land area in each school neighborhood. As with the GIS-refined measure, developed land was defined as area within 100 meters of the centerline of named roads and the school neighborhood was delineated with a 1-km circle radius buffer. Using the ArcGIS intersect function, the 1-km circle buffer layer was intersected with the residential structure layer to derive an exact count of residential structures in each school neighborhood. The e911 data distinguish nonresidential structures from residential structures and distinguish types of residential structures (single family, multi-family, mobile home, etc). Our field observations indicated that most of the multi-family structures were small residential buildings containing on average 2 to 3 residential units. Thus, we applied a coefficient of 2.5 to estimate housing unit counts in multi-family structures. Multi-family structures accounted for less than 10% of total structures in the majority (N = 318) of school neighborhoods. More than 60% of the multi-family structures in the sample were located in the Burlington and Rutland school neighborhoods (N = 17), where they accounted for over 40% of the structures. Residential density for each school neighborhood was calculated as u/ac.

Validation of residential density measures
To assess the correspondence between each method and actual residential density, we plotted the log of e911 residential density against the log of each measure described above (census tract, census block group, census block, 1-km circle buffer, 1-km circle intersecting a road-network buffer). In each plot, we include the identity line, which has an intercept of 0, a slope equal to 1, and represents an exact agreement between the two measures. We also used linear regression to regress the log of e911 residential density on the log of residential density from each method. The log scale was chosen because it provided a more constant error structure across the range of residential densities with the values more uniformly spread. The R-square, mean square error (MSE), slope, and intercept are reported for each of the five regression models. The MSE is the variance estimate for the difference between e911 residential density data and the independent variable; it reflects both model error and lack of fit from the identity line such that lower values indicate higher agreement between the two variables. 95% confidence intervals for the intercept and slope values are reported to indicate whether they were significantly different from 0 or 1, respectively.

Qualitative study
We created comparative maps of the residential settlement patterns for each of six selected school neighborhoods. For each neighborhood, e911 residential density values and the comparative maps were verified using orthophotography, field data, and GIS mapping of actual residential structures. The six neighborhoods show the disparity of census measures across the spectrum of residential density and settlement patterns. The examples were chosen to illustrate three pairs of neighborhoods in which census data suggest identical residential density, but actual e911 data indicate divergent densities. Manual checking of each of the six school neighborhoods confirmed the accuracy of e911 residential densities. Aerial orthophotography ([23] viewed at 1000 feet/200 meter scale window) confirmed the concurrence of GIS maps with "on-the ground" development patterns.


Results
Figure 1 plots the log of e911 residential density versus census and GIS measures for the 335 school neighborhoods. In general, calculations based on census geographic units underestimate residential density in more rural areas (e911 residential density of less than 1 u/ac). This is most clearly illustrated in the first panel of Figure 1, where all but one of the rural residential densities based on census tract are to the left of the identity line. In addition, the degree of variation around the identity line is not consistent across the range of residential densities, such that the variability is highest in rural areas. Of the three census geographic units, the block group has the highest agreement with e911 residential density. However, even with this measure, only 51 of 335 sites had residential densities within 50% of the e911 values. Using the census block as the geographic unit, 12 school neighborhoods were determined to have residential densities of 0 because there were no housing units within the block. In contrast, the e911 residential densities of these neighborhoods ranged from 0.2 to 1.8 u/ac.[image: A12942_2009_Article_341_Fig1_HTML.jpg]
Figure 1Residential density from e911 data plotted against residential density derived from census and GIS-buffer measures. E911 density values are based on actual geo-location of all residential structures in the state of Vermont. Both the x and y axis are on the logarithmic scale but actual density values are displayed. The identity line has an intercept of 0, a slope equal to 1, and represents an exact agreement between the two measures. Six highlighted school neighborhood sites are illustrative pairs in which residential densities based on census block group are comparable, but widely divergent when based on other measures.




Residential density measures based on GIS methods are more tightly distributed around the identity line than those based on census units (Figure 1). The pattern of underestimating residential density in rural areas remains apparent for the 1-km circle buffer calculation but shows improvement over the census calculations. As illustrated in Figure 1, the best agreement with e911 residential density was obtained when the 1-km circle buffer was intersected with the road-network buffer. For this measure, residential density is overestimated in the higher residential density areas (> 1 u/ac), but the extent to which this occurs is reduced compared to the census measures.
Table 1 provides the statistics from the individual regression models used to predict e911 residential density values from each of the residential density measures. The R-square values for the census measures range from 0.61 to 0.66, indicating that residential densities based on census geography alone explain between 61 and 66% of the variation in actual residential density. In contrast, the GIS buffer calculations explain approximately 90% of the variation. The MSE, which reflects both the model error and lack of fit with the identity line, is substantially lower for both of the GIS measures compared to the three census measures, indicating that the GIS-refined measures more closely correspond to e911 residential density. The slope is closer to 1 for the 1-km circle and road-network buffer, which suggests that this measure might perform slightly better at the extremes of residential density than the 1-km circle buffer. The intercept is also closer to 0 for the 1-km and road-network buffer than for the 1-km circle buffer, indicating that the former also would perform better when the residential densities are closer to 1 u/ac. However, this difference is not stark. Overall, the calculation based on the 1-km circle and road-network buffers provides the closest approximation of actual residential density determined by e911 data.Table 1Evaluation of agreement between residential density calculations and actual residential density determined by e911 data


	Residential Density Calculation
	R-squared#
	MSE@
	Slope#
	(95% CI)
	Intercept#
	(95% CI)

	
                            Census Geography
                          
	 	 	 	 	 	 
	   Census tract
	0.63
	0.32
	0.49
	(0.45, 0.53)
	0.59
	(0.46, 0.71)

	   Census block group
	0.66
	0.29
	0.44
	(0.41, 0.48)
	0.36
	(0.26, 0.46)

	   Census block
	0.61
	0.34
	0.41
	(0.38, 0.45)
	0.04
	(-0.05, 0.13)

	
                            GIS-refined Measure
                          
	 	 	 	 	 	 
	   1-km circle buffer
	0.89
	0.09
	0.59
	(0.57, 0.61)
	0.21
	(0.17, 0.26)

	   1-km circle and road network buffer
	0.90
	0.08
	0.75
	(0.73, 0.78)
	-0.11
	(-0.11, -0.07)


#R-squared, slope, and intercept are from models in which both the calculated residential density and e911 residential density are transformed to the log scale.
@MSE is the variance estimate for the difference between calculated residential densities and e911 residential density; it reflects both model error and lack of fit from the identity line as illustrated in Figure 1.



We selected a subset of six school neighborhoods to illustrate the disparity between residential density determined by census measures versus e911 data. The six school neighborhoods are highlighted in the scatter plots shown in Figures 1. The correct relative rank of residential density (i.e., highest to lowest) as determined by e911 data is preserved in the calculations based on GIS buffer methods. In contrast, because the calculations based on census measures introduce inconsistent error, the relative ranking of residential densities can be distorted (Figure 1).
In Figure 2, the residential settlement patterns of the six school neighborhoods are arrayed in three pairs, representing the high, middle and low distribution of residential density. The residential density within each pair of neighborhoods is nearly identical when measured by census block group but divergent based on e911 data. These maps visually illustrate the disparity in residential settlement patterns that may not be captured when using census geographic units to calculate residential density. For instance, Wheeler and Jericho school neighborhoods have similar block group density values of .58 u/ac and .56 u/ac, respectively, but the actual densities based on e911 data are 8.50 u/ac and 0.72 u/ac, reflecting a 10-fold difference in the density of the two communities. This difference in density is illustrated in the maps by the denser pattern of dots (i.e. residential structures) in Wheeler compared to Jericho. The other census measures (tract, block) also show an inconsistent relative agreement with the e911 values.[image: A12942_2009_Article_341_Fig2_HTML.jpg]
Figure 2Comparative maps and residential densities of three school neighborhood pairs illustrating differences in density calculations. The three school neighborhood pairs were chosen to illustrate scenarios in which residential densities appear to be comparable based on census block group but are substantially different based on e911 data.





Discussion
We used Vermont statewide e911 data to assess the accuracy of census and GIS-refined residential density calculations of school neighborhoods in predominantly rural areas. Our findings indicate that conventional census methods substantially underestimate residential density in the rural environment. The underestimation is particularly acute where residential density is less than 1 u/a, which generally corresponds to areas more rural in character. In addition, because the error is inconsistent across geographic areas, even the relative ranking of residential density may be incorrect.
The census was established by the US constitution to measure population distribution for the purpose of apportioning congressional districts and, subsequently, federal funds [24]. As such, census geography is not necessarily well specified for other applications, such as public health research [3, 25]. Nonetheless, census data are often used for health-related research because they are readily available and there is no charge for their use. Because of the relative consistency of census geography in urban areas, census data may accurately characterize neighborhoods and small geographic areas in metropolitan settings. However, in discontinuously settled rural areas, even the smallest census geographic units typically mix developed areas with substantial areas of undeveloped land, such as woodlands, wetlands, and other uninhabited areas [20]. Potentially compounding the problem, census units also vary considerably by size; e.g., from 5 to 25,000 acres within a single VT county. Consequently, in rural areas, the proportion of developed land within a census unit can vary substantially. Estimates of residential density, typically calculated by averaging the number of housing units over the acreage of the census unit, can mask clusters of development [25]. Such errors of measurement can distort associations between residential density and health-related behaviors or outcomes. For example, underestimating the size or density of the source population could spuriously inflate the estimated proportion of people affected by an exposure or outcome of interest. Additionally, underestimates of residential density in rural areas could result in inadequate allocations of health-related services.
The inaccurate census-based calculations of rural residential density shown in our study are consistent with the modifiable areal unit problem (MAUP) [26], the bias arising when aggregated data are based on geographic units of varying sizes. In general, MAUP demonstrates that smaller areal units will reveal more varied but less generalizable findings, whereas larger areal units will create more homogeneous findings that mask local differences. While the error can be minimized by the individual-level study of neighborhoods [27], such data are not available for most rural areas and onsite assessments are not always feasible. The results of our study provide a method of avoiding this bias through GIS tools that apply uniform areal units of a scale appropriate to the subject of study.
The 1-km radius circle buffer used in this study is a reasonable neighborhood scale [19] with an accessible pedestrian domain (10-15 minute walking time from center to perimeter). While a network buffer distance can be useful in urban settings, we chose a straight-line radius because it does not require sophisticated software and our preliminary work showed little difference between the network and straight-line buffers when applied to rural areas. The 1-km circle buffer showed strong agreement with the e911 residential densities in urbanized communities and produced correct relative rankings of density in rural communities. However, residential density was underestimated due to the inclusion of undeveloped land. Intersecting the circle with a road-network buffer removed much of the undeveloped land and improved agreement with e911 residential density.
The availability of e911 data in Vermont provided a unique opportunity to evaluate the accuracy of various methods of calculating rural residential density. However, e911 data do not specify the number of units in multi-family structures. This is not a problem in rural areas with few multi-family structures, but could introduce error where such structures are more common. Based on field observations, we used a coefficient of 2.5 to estimate the average number of units in multi-family structures. This reflects the fact that multi-family structures in rural areas with older housing stock, such as those included in our study, tend to be small residential buildings rather than apartment complexes. However, newer residential development, especially those closer to urban areas, might include structures with a higher number of units, underscoring the importance of field observation to "ground truth" research assumptions. It is important to note that although we measured residential density in housing units per acre, our methods are equally appropriate for any other measure of density that can be derived from US census data (e.g. population per area).
In summary, our findings demonstrate that using standard census units to calculate residential density both underestimates and inaccurately ranks relative residential densities in rural areas. GIS techniques that incorporate a simple radius circle and road-network buffer provide excellent agreement with residential densities based on exact geo-location data for residential structures. A major advantage using GIS buffers is that they allow researchers to adjust the geographical frame of reference to match the unit of interest. Thus, this method would be valuable to any rural research application using census data where geographic scale matters.

Acknowledgements
We thank William T. Winand for assisting with data analysis and Susan Martin for preparing the manuscript. This study was funded by the National Institute of Environmental Health Sciences, grant number ES014218, and the Robert Wood Johnson Foundation Active Living Research, grant number 58124. Funding agencies had no involvement in the study.

References
1.
Booth KM, Pinkston MM, Poston WSC: Obesity and the built environment. J Am Diet Assoc. 2005, 105 (5): S110-7. 10.1016/j.jada.2005.02.045.PubMedCrossRef

2.
Egger G, Swinburn B: An "ecological" approach to the obesity pandemic. BMJ. 1997, 315 (7106): 477-480.PubMedPubMedCentralCrossRef

3.
Papas MA, Alberg AJ, Ewing R, Helzlsouer KJ, Gary TL, Klassen AC: The built environment and obesity. Epidemiol Rev. 2007, 29: 129-143. 10.1093/epirev/mxm009.PubMedCrossRef

4.
Cervero R, Gorham R: Commuting in transit versus automobile neighborhoods. J Am Plann Assoc. 1995, 61 (2): 210-10.1080/01944369508975634.CrossRef

5.
Ewing R, Cervero R: Travel and the Built Environment: A Synthesis. Transp Res Rec. 2001, 1780 (1): 87-114. 10.3141/1780-10.CrossRef

6.
Frank LD, Pivo G: Impacts of mixed use and density on utilization of three modes of travel: single-occupant vehicle, transit, and walking. Transp Res Rec. 1994, 1466: 44-52.

7.
Greenwald M, Boarnet M: Built Environment as Determinant of Walking Behavior: Analyzing Nonwork Pedestrian Travel in Portland, Oregon. Transp Res Rec. 2001, 1780 (1): 33-41. 10.3141/1780-05.CrossRef

8.
Handy SL: Understanding the link between urban form and nonwork travel behavior. J Plann Educ Res. 1996, 15: 183-198. 10.1177/0739456X9601500303.CrossRef

9.
Handy S: Urban Form and Pedestrian Choices: Study of Austin Neighborhoods. Transp Res Rec. 1996, 1552 (1): 135-144. 10.3141/1552-19.CrossRef

10.
Hess P, Moudon A, Snyder M, Stanilov K: Site Design and Pedestrian Travel. Transp Res Rec. 1999, 1674 (1): 9-19. 10.3141/1674-02.CrossRef

11.
Moudon A, Hess P, Snyder M, Stanilov K: Effects of Site Design on Pedestrian Travel in Mixed-Use, Medium-Density Environments. Transp Res Rec. 1997, 1578 (1): 48-55. 10.3141/1578-07.CrossRef

12.
Shriver K: Influence of Environmental Design on Pedestrian Travel Behavior in Four Austin Neighborhoods. Transp Res Rec. 1997, 1578 (1): 64-75. 10.3141/1578-09.CrossRef

13.
Ewing R, Schmid T, Killingsworth R, Zlot A, Raudenbush S: Relationship Between Urban Sprawl and Physical Activity, Obesity, and Morbidity. Am J Health Promot. 2003, 18 (1): 47-57.PubMedCrossRef

14.
Frank LD, Andresen MA, Schmid TL: Obesity relationships with community design, physical activity, and time spent in cars. Am J Prev Med. 2004, 27 (2): 87-96. 10.1016/j.amepre.2004.04.011.PubMedCrossRef

15.
Lopez-Zetina J, Lee H, Friis R: The link between obesity and the built environment. Evidence from an ecological analysis of obesity and vehicle miles of travel in California. Health Place. 2006, 12 (4): 656-664. 10.1016/j.healthplace.2005.09.001.PubMedCrossRef

16.
Saelens BE, Sallis JF, Frank LD: Environmental correlates of walking and cycling: findings from the transportation, urban design, and planning literatures. Ann Behav Med. 2003, 25 (2): 80-91. 10.1207/S15324796ABM2502_03.PubMedCrossRef

17.
Saelens BE, Sallis JF, Black JB, Chen D: Neighborhood-based differences in physical activity: an environment scale evaluation. Am J Public Health. 2003, 93 (9): 1552-1558. 10.2105/AJPH.93.9.1552.PubMedPubMedCentralCrossRef

18.
Lopez R: Urban sprawl and risk for being overweight or obese. Am J Public Health. 2004, 94 (9): 1574-1579. 10.2105/AJPH.94.9.1574.PubMedPubMedCentralCrossRef

19.
Owens PM: Neighborhood form and pedestrian life: Taking a closer look. Landscape Urban Plann. 1993, 26 (1-4): 115-135. 10.1016/0169-2046(93)90011-2.CrossRef

20.
Owens PM: Beyond Density: Measuring Neighborhood Form. 2008, Sarrbrucken, Germany: VDM Verlag Dr. Muller Aktiengesellschaft & Co. KG

21.
Vermont Center for Geographic Information. [http://​www.​vcgi.​org]

22.
ESRI website. [http://​www.​esri.​com/​data/​download/​census2000-tigerline/​index.​html]

23.
Maps [http://​maps.​google.​com/​maps]

24.
US Census 2000. [http://​factfinder.​census.​gov/​jsp/​saff/​SAFFInfo.​jsp?​_​pageId=​sp4_​decennial&​_​submenuId=​]

25.
Hall S, Kaufman J, Ricketts T: Defining Urban and Rural Areas in U.S. Epidemiologic Studies. J Urban Health. 2006, 83 (2): 162-175. 10.1007/s11524-005-9016-3.PubMedPubMedCentralCrossRef

26.
Openshaw S: Developing GIS-relevant zone-based spatial analysis methods. Spatial analysis: modelling in a GIS environment. Edited by: Longley P, Batty M. 1996, Cambridge: GeoInformation International, 55-73.

27.
Berke EM, Gottlieb LM, Moudon AV, Larson EB: Protective Association Between Neighborhood Walkability and Depression in Older Men. J Am Geriatr Soc. 2007, 55 (4): 526-533. 10.1111/j.1532-5415.2007.01108.x.PubMedCrossRef



Competing interests
The authors declare that they have no competing interests.

Authors' contributions
As corresponding author (MD), I had full access to the data and final responsibility for submitting the manuscript. Author contributions are as follows: PO, LTE, LG and MD participated in the conceptualization and design of the study, data analysis, interpretation of the findings, and manuscript preparation; MB participated in the conceptualization and design of the study, data analysis, and interpretation of the findings. SB participated in the data analysis and interpretation of the findings. All authors have seen and approved the final version.


OEBPS/sidebar.gif





OEBPS/A12942_2009_Article_341_Fig1_HTML.jpg
€911 (units/acre)

911 (units/acre)

911 (units/acre)

100

100

Wheeler
3

’

IDENZATY LINE
’

.

o1 10
Census Tract (units/acre)

Wheeler

01 10

Census Block Group (units/acre)

100

’

IDENTY LINE
’

.

o1 10
Census Block (units/acre)

€911 (units/acre)

€911 (units/acre)

100

s
.
ioengify une
.
.
o1 10 100
1km Circle Buffer (units/acre)
2
e Wheeler , @}
‘%
2
Wards
¢
= sudl
d .
3
o
’,
.
.
’
IDENZATY LNE
’
’
o1 10 100

1km Circle & Road Network Buffer (units/acre)





OEBPS/contact.gif





OEBPS/A12942_2009_Article_341_Fig2_HTML.jpg
b, i 5 =  S——
[ c S[c 5| =
€ ZE &
iRzl 2
- & ol 2| €
2 32 2
A

8.500.72 (911

0.58 [0.56

5.11(0.72 | Block

Circle
Buffer

6.110.49

2 2.86 |0.80 Cir+Rd
Jericho Elementary School e ' tmt®  TEl® | " |Buffer

=

Tame/snun)

HpImpIeH
(e1oe/s3un)
:0J0qspIeM

114

=)
N
o
)
©
=
=

0.09 |0.09

0.28 |0.39 |Block
Circle
&7 ) 0.68 |0.08
e A Buffer
e . B 1.05 [0.17 |Cr*Rd
Hardwick BomentarySchool s WER B BUUK L ool e WM e [ 105|017 [
e S £ =
2 2F 8 B
& = 5| &
2 2R 2 =
TR A

=)
I
o

0.15 (€911

0.03 | 0.03 | Ok

‘ ( - ~ > Group

0.03|0.02 |Tract

0.08 (0.02 | Block

= Circle
Buffer

% 051]0.08 Cir+Rd
Danville Central School Vot s Sudbury Country School Vot e e Tt?® | " | Buffer






